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Local features
{ Skin colour, shape & size of the face, 

amount of hairs, shape & colour of the lips…
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Karhunen-Loeve Transform (KLTKLT).

Maps vectors from an MM--d d space 

to a nn d d space ; n << Mn << M
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matrices for normal distributions. 

information 

Problem statement.

State of the Art.

,

System overview.

Principal 
Component 
AnalysisAnalysis.

Fisher Linear 
Discriminator.

C  V t  th dCommon Vector method.

Support  Vector Machines.

Simulations & Results.

Other distances can also be used.

Optimal  linear dimensionality reducer.
Conclusion.

Future Perspectives.

7/15/200816th Summer School on Image Processing, July 7th-16th 2008, Vienna, Austria.



S i d th d
8

Supervised method.

Label information considered.

Inter class & Intra class scatter matricesscatter matrices; 
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Feature space is divided in two 
orthogonal subspaces.

Each sample in training sequence:
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Optimal separating hyper plane.

Function that predicts best 

response from some training functions
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Accuracy (%age)Gender classifier 
based on Facial 
information 

Classifier Male Female Overall
information 
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CV 70 100 85
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Common Vector method. CV 70 100 85

SVM 90 80 85

Support  Vector Machines.
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Results. 9 5

PCA+SVM 60 100 80

Results.

Conclusion.
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Thank GOD!! My mind can 

recognize female faces easily. ☺Gender classifier 
based on Facial 
information 

Stability of different methods depends on 
number of training sequences.

information 
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PCA & SVM prove to be stable and 

System overview.

Principal Component 
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y
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Common Vector method.

Using PCA as dimension reducer and 
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Common Vector method.

Support  Vector 
Machines.
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Tests with larger databases.Gender classifier 
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In depth stability analysis of different 
global classifiers.

information 
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Other techniques like Neural Networks 

System overview.

Principal Component 
Analysis

may be used to validate different 
conclusions drawn.

Analysis.

Fisher Linear 
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To find a funding source to attend the 
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